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Table 1 Data schedule of reservoir and crude

oil parameters for the Fan—|29 region of Shengli oil field

WO B K How s K
AT T - WH | AWE W EEm | LR ?;ﬁ%
s R wr  paw R e H I
(m) (%) (X107 ¥n®) (%) (MPa - s) (g/cm’)
2 47.00 111 17.00 24.39 28.36 62 2.87 0.7467 4.60
8 3 6.00 108 16.62 66.81 28.06 62 2.67 0.7409 16.5
3 6 12.00 117 16.7 91.62 28.69 57 2.65 0.7664 0.06
7 9.00 113 17.32 65.33 34.85 58 1.85 0.7163 8.58
e 9 17.50 124 15.33 56.52 31.04 58 2.36 0.7455 0.02
IS 10 6.00 127 16.98 91.55 31.1 56 2.48 0.7542 28.8
11 6.80 128 14.25 63.36 34.44 58 1.97 0.7325 19.4
13 11.41 117 16.65 52.32 27.94 62 2.33 0.7156 21.7
14 5.80 125 17.89 47.21 28.82 62 2.47 0.7563 14.5
12 150 119 19.98 68.98 34.89 62 2.23 0.7148 0.26
e 22 9.10 116 10.66 87.77 29.99 58 1.77 0.7236 0.44
ﬁ 29 9.7 124 11.95 67.32 28.86 64 2.58 0.7366 14.8
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Table 2 Data schedule of standardized and normalized reservoir and crude oil parameters
AL i W e | G wEmm | w00
HRLESE FLBEE BER g R W
2 0.479 0.150 0.680 0.000 0.614 0.750 1.000 0.652 0.140
i 3 0.017 0.000 0.639 0.631 0.017 0.750 0.818 0.534 0.573
3 6 0.547 0.450 0.652 1.000 0.109 0.125 0.800 1.000 0.001
7 0.273 0.250 0.714 0.609 0.998 0.250 0.072 0.031 0.297
F 9 1.000 0.800 0.501 0.478 0.454 0.250 0.536 0.628 0.000
PN 10 0.017 0.950 0.678 0.998 0.462 0.000 0.645 0.806 1.000
11 0.085 1.000 0.358 0.579 0.951 0.250 0.181 0.362 0.673
13 0.478 0.450 0.642 0.415 0.000 0.750 0.509 0.017 0.753
14 0.000 0.850 0.775 0.339 0.129 0.750 0.636 0.849 0.503
12 0.786 0.554 1.000 0.663 1.000 0.750 0.418 0.000 0.008
e 22 0.282 0.400 0.000 0.942 0.300 0.250 0.000 0.179
J%ls 29 0.333 0.800 0.138 0.638 0.135 1.00 0.736 0.446
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APPLICATION OF ARTIFICIAL NEURAL NETWORKS
TO RESERVOIR DESCRIPTION

QIU Liwei KANG Zhijiang

(Institute of petroleum, CNSPC, Beijing 100083, China)
Abstract

The normal logging explaination methods based on experience formulas and the linear hypothesis show
lower accuracy and successful rate- The artificial neural networks technique can adapt itself, learn itself-
It has well prospect in logging explaination- This paper provides a case to illustrate the advantage of the
artificial neural network technique in logging porosity explaination-

Key words :artificial neural networks: BP nets: logging explaination: porosity
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STUDY ON THE APPLICATION OF THE NEURAL NETWORK EXPERT
SYSTEM TO THE PREDICTION OF DAILY OUTPUT PER WELL

PENG Dunlu XU Shijin WANG Rucheng GUO Yangjun

(Department of Earth Sciences, Nanjing University, Nanjing Jiangsu 210093, China)
Abstract

This paper gives an overall discussion on the Neural Network Expert System and its development
steps- Taking the reservoir and crude oil parameters and daily output per well for 10 available oil wells in
Shengli-Fanjia oil field for example; the Neural Network Expert System developed has been used success-
fully to predict the daily output per well of two forecasting wells- Therefore, the Neural Network Expert
System can overcome the defects of conventional statistical method and fuzzy method who are unable to
correctly determine the subordination degree and jurisdiction distribution of each parameter- It is also
pointed out that the oil field prediction by the Neural Network Expert System is accurate, rapid and effec-
tive-

Key words :the Neural Network Expert System: daily output per well; B-P network: characteristic param-

eters



